Geospatial Reducing Uncertainty in Fracture Modelling: Assessing User Bias in Interpretations from Satellite Imagery
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1. Introduction: The “Outcrop Analogue to Fracture Model” Workflow 5. Results: Questionnaire 6. Post-Processing
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1. Topological uncertainty in the digitalisation of end-point connectivity is cleaned using a buffer size
proportional to the resolution of the underlying satellite imagery (Fig. 6A).
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